I J S dloxo
S
« I ISSN 2008-8345
(é Wy

OY-08 asip VY4 Ql;“il: Y ooyled O RICS U”‘L‘[“}’K;{’iﬁ):‘;:@."

(B e (Sl S S (Add S 55
V-9 GHb (mar S b
VL;JG 4§‘J>=w chJU ‘ﬁu\.ﬁ\{ k;&u\—w Jks.»})Uo ,w-

jtavoosii88@ms.tabrizu.ac.ir 5 5 oKuils «J 28 05 5 5 gwikign i)l gl )87

{mbadamchi, ghaemi}@tabrizu.ac.ir ;, ,5 o&ails (J =5 05 5 ¢ 5 5nlS 5 5 1 _owikign 0lSil> (L kil |

(YR /ZIYA Bl oy g )b YR /F/YE dlan L )3 G ,0)

Gl 55 5 Olj b iy ok Sl (a5 8 Glapis S8 5 Lol 53 QYL QU155 Yop 5 (36 e claaSl oS

B (Sl Gt by S8 S Yop 5 56 (e (el o Sae odiS ST (b B dlie a3 s (el sl
syl Y Cin Sl pl gl e 0als Jisles T-S JmélajlfY—Cj;ngléMgb&,ﬂj\w%ﬁéul&l.@\djf)l}wjﬁU}A
WY b o plonil Ats (S Sy e wl5 S e 53 el L s Yop s (656 lacae Jold o Ul 4Y 53 baw s (55lasil Sllas
o Y 7 ptin 5 o ey Sl Y s e pll Al glae 8 L5 45 a2l Slles poler Y 53 5l ol oY s
ool o o3lisal lss 55T 5 b Al 0L S s S5 s 35 peT (sl il s Y 5 del B S e sl 4Y a3
(ANFIS) i (536 ras &5 5 T-S Jots (slabkols Y-p 5 (36 e 05 b Jast el o San J 5557 (3l S o lgS
@ 0 Las0lts (Gl s lods anlie oo b nali (o o3l b b 5 ome sl el b on OT (slos (ot 2 (Salss s 1

S e 3l )

Cbgst)WAMwﬁdﬂg‘—tj&j&w&i:éwaw

Adaptive Inverse Control of Nonlinear Dynamical System Using
Type-2 Fuzzy Neural Networks

Jafar Tavoosi, Mohammad Ali Badamchizadeh, Sehraneh Ghaemi

Abstract: Type-2 fuzzy neural networks have a good ability in identification and control of nonlinear
systems, time varying systems and also system with uncertainties. In this paper a new method for designing
adaptive inverse type 2 fuzzy neural controllers for online control of nonlinear dynamical system has been
introduced. The proposed network has seven layers that the first two layers consist of type-2 fuzzy neurons
with uncertainty in mean of Gaussian membership functions, are used for fuzzification part. Third layer is
the fuzzy rules layers. Reduction type is done in fourth layer with adaptive nodes. Reminder layers are used
for consequent left-right firing points, two end-points and output of network respectively. In this paper,
gradient descent with adaptive learning rate backpropagation is used for learning phase. Finally, Type-2
online Sugeno fuzzy neural network is used for tracking control of nonlinear dynamical water bath
temperature system. Results are compared with Adaptive-Network-Based Fuzzy Inference System
(ANFIS). Simulation results show the proposed method has a good efficiency.

Keywords: Type-2 Fuzzy Neural Networks, Adaptive Inverse Control, Water Bath
Temperature System.
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